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Background: Vendor Managed Inventory (VMI) is one of many methods used in inventory management.
Its concept is to allow the vendor be able to access inventory data including product tracking in the customer’s
inventory. It also lets the vendor manage customer’s inventory by filling products to customer’s inventory instead
of using the usual purchase orders. Its goal is to reduce the potential of product reservation that might exceed the
amount that is required. Today is the age of technology. Machine learning is a branch of artificial intelligence that
is developed by learning patterns. It makes computer able to self-learn from data samples. It utilizes algorithm
that creates model, predicts outcome, and helps decision making. It works out of order sequence unlike ordinary
programs do, which is why it is widely used in several fields nowadays. It is a challenge to study and apply VMI system
for hospitals. It will let the drug inventory department manage the medicine reservation to improve and optimize
the process for the service department, and will make the medicine reservation process more efficient. Objective:
To simulate cancer medicine reservation situation by drug inventory department using Vendor Managed Inventory
(VM) via decision trees classification comparing with the real situation in medicine subinventory in order to have
enough quantity for services and reduce value of medicine reservation. Method: Since the characteristics of the
demand for medicine usage were different, there could not be only one policy for medicine reservation. The study
of oncology drug usage in National Cancer Institute has been using machine learning to analyze through decision
trees classification, and simulate such situations and had come up with many beneficial results. Result: It reduced
the average inventory value by 788,328.53 baht per day, which is 13.25%. It also reduces average days of stock
from 18.04 days down to 15.84 days with 99.96% service rate. It even reduced the number of times for medicine
reservation 72.73%. Conclusion: Vendor Managed Inventory (VMI) with an appropriate model from medicine demand
usage classification using machine learning through information classification of a decision tree could reduce average
inventory value, average days of stock, and quantity of medicine reservation by maintaining the same service rate. It
had found the medicine reservation shortage 0.04%. The main reason for that was because the major changes in the
characteristics of the medicine usage. In case of targeted therapy that its characteristic depended on the individual
patient, using rules to classify the demand of medicine by number of patients and rate of medicine usage might not
be appropriate. It might even results in medicine reservation inaccuracy from the actual patients.

Keywords: Medicine reservation, Oncology drug, Vendor Managed Inventory (VMI), Machine learning, Decision
trees classification
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yammsdseseninwlsnuziienindaaie (average
inventory value) flanasdosas 13.28 9annsdnwil wuth
Yeuninnsanasvesyarnisdsessilumsdnnguuuudue
Idun nuidiyarngs nquiisiaudlunisléunn uasngui
WUNSVIAATIIE Tamasnnnindesas 20° ﬁaﬁmmwé’n
gosnsdrsesendnulsauzideiliiisamesenisiiuinistu
anunsaisrassinanmsideuulamesdnuasnsldend
wWasuluaniy anguuuunsTauuung (regular pattern)
Jugvuuunslduuulaiung (iregular pattern) fasegnsly

'gﬂﬁ 6 WUI1T18N13 megestrol 160 mg tablets, flutamide
250 mg tablets, gemcitabine 200 mg for injection, erlotinib
150 mg tablets, gefitinib 250 mg tablets, trastuzumab
440 mg for injection wag tamoxifen 20 mg tablets dn1%
Weonfinduaniauann shldnisdisessdaesuuudmiu
anwagnsdewuuUng (regular pattern) luitfisaneanons
U313 dwsunsalonlunguensadh (targeted therapy) 7iil
Anusesnstdeameanzasiuiiisudazsng nsldnglu
NP uUNanyzANUfeNsidenndIugUIuaLsnT
nsldedounatenalumngay wuindinsswunanveg
Induwuuun@ (regular pattern) wisewuulaiun@ (iregular
pattern) lluunetasnan deliAnanundedunsdisesenn
amm?ﬁummﬁ’wmu@'ﬂwﬁLL‘VTR]%Q o199 lAsinsd150981
teenzeannnimudiesnis fegsluzud 7 nuinsiens
cetuximab 100 mg/20 mL injection, lapatinib 250 mg
tablets, rituximab 500 mg/50 mL injection Wag sorafenib
tosylate 200 mg tablets fin1sdnseseunAuAINADINT
Tuunsrranan [Wudu
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asu

mnﬁuﬁuﬁ'ﬂmaé’maﬁaaﬁuLLUUﬁmmzaumnmﬁﬂ
wsnudnyzveInLdsImslisheBmsBeuivoanies
(machine learning) H1un ST MunTayadadulidnduls
mmsaamﬂaﬂ'ﬂms;ﬁﬁmmamé’qLaﬁa (average Inventory
value), ST Sud1sosennsndaade (average days of stock)
wazsuunslunsdsesenas Tnedesnuwsedunisusnis
(service rate) 3¢ wunnsdrseseniiliiisswesienislviudns
ogths anmmaniAnainmsdnuuzmsldeiifinafuiuan
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