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Comparison of Feature Selection Methods to Improve Breast Cancer Prediction

Ajjima Montaphan

Department of Applied Computer Science, School of Information Technology, Sripatum University

Correspondence to : ajjima.mo@spu.ac.th

The objective of this research was to study the comparison of the features selection techniques for
improving breast cancer prediction. By using features selection from 7 techniques, including Correlation
Based Feature Selection, Information Gain, Gain Ratio, Chi-Square, Forward Selection, Backward Elimina-
tion and Evolutionary Selection. The leading results from each technique were calculated the effectiveness
of the forecast of breast cancer by using Support Vector Machine. The results showed that the percentage
of accuracy in breast cancer prediction, based on the number of all 30 attributes, was 91.39 while the
Evolutionary Selection gave the best results by reducing the important attributes to only 16 attributes and
giving the accuracy of the forecasting results was 95.26 %.

Keywords : Feature Selection, Evolutionary Selection Technique, Support Vector Machine, Breast Cancer
Predictions
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