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Abstract

Medical time series data forecasting with the Box-Jenkins method (the ARIMA model)
1s a quantitative prediction method with high accuracy and precision. It is a simple method,
suitable for stationary time series data with constant mean and variance, the forecasters do
not have to define a model before analyzing. During data analysis, the model is determined
according to the time series’s structure.There are only four steps to implement: 1) Model
Identification 2) Parameter Estimation 3) Diagnostic Checking and 4) Forecasting time
series data.The IBM SPSS software also provides a model command wizard with Expert
Modeler. The program will select the most appropriate model for the data to make it easier
for the forecasters to select the model, but the forecasters should reconsider the statistical
significance of selecting the most accurate model again. To obtain a model suitable for that
time series data this creates the least forecast error for forecasting future time series data.
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Ao AR(1), MA(1)
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<
M3
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Lag 1 &A1 = 0
Lag 1 # 0 %8930
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(A9 Lag 24, Lag 36,
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A <@
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a [
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fedua1AN WA 2561 99U 192 AT dUTUATINRIMUUBITUN
wdesmnualilusunsuidnteyasunsuna N8N
iy Data > Define dates > 1dangUnuunanfinssiudeya
o031 (Wu dndudeyasieiou Nfe Years, months) uagszy
NaTISueY WU Year = 2546, month = 1 click OK (m‘wﬁ 1A)
ﬁ]ﬂﬂﬁ?ﬂﬁ]%ﬁjﬂLﬂmLﬁuﬁﬁﬁ’JLLUﬂMﬁLﬁ@%{uiu%layja‘umlﬁﬂ (YEAR
MONTH_, DATE ) 3 (nwil 1B)

sunaudl 1 n1sAruadawuLYeInIsHEINSal
(Model Identification) Aeudulimihmsesiaaeuindeyasynsu
L’;mﬁ@mauﬁamﬁué’aﬁaw Im&mzﬁm@auﬂswmaaéﬁaaﬂaéquu
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Huwnlwdoggmanieliifuasdesinnsanainnam ACF uag
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Yosoynsunaiiesiusznevreseynsunanduezlsing wie
dnunzveseynsunaniiiiadensivieli lagldlusunsu 1BM PSS
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1. IngAdn Analyze > Forecasting > Sequence Charts
2. lugas Variables Whionfuusiisdeanisneansel wu Food
Poisoning (case)
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4. np OK Lﬁ@@ﬁﬂwmmaaﬂinw
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1.1 Iﬂamiﬂammé Analyze > Forecasting > Create
models &3 (AWl 2A)

1.2 Variable tab (nmifl 2D)

Tuges Dependent variable Tdansauusi
AEINTIATIEN WU Food Poisoning (case)

Tuves Independent variable Tidensusi
ABINITIATIZN WU MONTH, period 12 MONTH 1

Tures Method iden3insimsevidiagldidu
ARIMA @din Criteria dialog box Tug Model tab

lu ARIMA Criteria dialog box %89 ARIMA or-
der Tiaesliian AR way MA 1Ju 0 1ineu usliiden Difference
nonseasonal = 1 Wag Transformation Tugmmuﬁazﬁﬂﬁﬁﬁa;&a
\Ju stationary Tnevilugnlaivinismnasing (Difference) wnniiu
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1.3 Model tab (m‘wﬁ 2B) ivium p=0, d=1, g=0 Wa
P=0, D=0, Q=0

3 difference 1 a%a Lﬁ@iﬁ@mimﬁsJuLLﬂaaﬂiwﬁ,ﬁLLauﬂ
IalnalAeeiu vilinuutiug ARIMA 77U nns difference 1 ads
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§alyinadi ﬁnﬁ?u@ﬁwuéﬁﬂLLﬂaqiayjaﬁaamaﬁthLmIﬁuﬁﬁU i1
(d=1, D=0, S=12) lains1 ACF way PACF maaaqﬂimnmﬁwm
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Tu ARIMA Criteria dialog box %94 ARIMA order
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2.4 Statistics tab (n Wi 4D)
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